1. AT X8E




AN D b (7

K]
&[]
IBE(CKDERK
EeDIESA
lgeEs1>E1—4
8EDIRIR
BEDFES
JBE(C K DHEDEAE

He & (&
HECCED L




1-1 AT HIgE & (&




AL HgE

AIXgEE, J>E31—9h, MiREEHZROZ
&

. K08
+ SII58
.35



BARRA. EAFA

BEAOH, £,
=

\
FEERTTRET

[

EFHLFDHELA
Zo5LK YTEY T

input inage Predicted Mask

BEROE T AT —3 3>

L e AV OL U UM | 1) G (g 1 TS La T

[ requirements.txt ";‘\/\ {g /* * ®
B setupcy Zi(E. Python 3. R D)
[ setuppy Keras. HLU
TensorFlow CMDMaskR-
README.md CNNDEETY, EF
U BFROATS T
Mask R-CM DRDAREIVAT & 1 and

FERR W7 479 %
Seg mental o=+ smmrszzmimn

o yrws uys
3 years agc
3 years agc

3 years agc

This is an implementation of Mask R-CNN on Python 3, Keras, and TensorFlow. The model
generates bounding boxes and segmentation masks for each instance of an object in the

image. It's based on Feature Pyramid Network (FPN) and a ResNet101 backbone.
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EnlightenGAN: Deep Light Enhancement without Paired Supervision
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DemOJ %0 IJ \\J 0 Variational Auto-Encoder

The model can also mimic your drawings and produce similar doodles. In the Variational Autoencoder
Demo, you are to draw a complete drawing of a specified object. After you draw a complete sketch
inside the area on the left, hit the auto-encode button and the model will start drawing similar sketches
inside the smaller boxes on the right. Rather than drawing a perfect duplicate copy of your drawing, the
model will try to mimic your drawing instead.
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import tensorflow.conpat.v2 as tf
inport tensorflow_datasets as tfds
import numpy as np

inport matplotlib.pyplot as plt
$matplotlib inline
import warnings
: ')t Suppress Matplotlib warnings

warnings.filterwarnings(’iznore’)
tf .enable_v2_behavior ()
fron tensorflow.keras inport backend as k

1 : Z r 1 E K.clear_session()
orint{tf._version_)
6 1 7 7 3 mnist, anist_info = tfds.load('nist”, with_info = True, shuffle_files=True, as_supervised=True, batch_size = -1)

ds_train, ds_test = mnist["train’], mnist[’test’]

ds_train = (dz_train[0].numpy ().astype("float32”) / 255., ds_train[i])
de_test = (ds_test[0].numpy(}.astype("f loat32”) / 255., ds_test[I])
i tensorf low as Uf

fron tensarf |ow-keras.a
from tensarf low.keras. |

\/
\/

wport
wport

ENSAN =

| n.connile(loss=tf keras. losses.sparse_catesorical crossentronys
netrics=[sparse_categorical_crossentropy’, ‘accuracy’],
optinizer=tf.keras.optinizers.Adan (1earning_rate=0.001))

2
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validat fon_data=(ds_test[0], ds_test[I]),

(55—8) o

n-predict (ds_test [01) .aremax(axis=1)

Bon/-ER

tf.Tensor([2 0 4 ... 8 0 &], shape={10000,), dtype=intE4)
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