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19 print("x x, "relu(x) =", relu(x))
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8~ def relu(x):
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18 return @
11~ else:
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32 print("AAIE (1, 1), FHEE =7, n, 1))
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URL: https://trinket.io/python/b1f04a9758

= P »r v 2

< > mainpy +2 B Result
s v b Dt
3 r*etur‘n'e (n@, 0 =", 12)
4~ else: (n@, 1) =, 10)
5 return x ('n(3 2) =, 8
6 ('n(3, 3) =", 6)
7~ def n(x1, x2): (n@ 4 = 4)
8 s=4*x1+-2|*x2 UL o
9 return relu(s) (n@, 5 =, 2)
18 (n(3, 6) =, 0
11  print("n(3, 0) =", n(3, 0)) (n@, 7=, 0
12 print("n(3, 1) =", n(3, 1)) ('n(3, 8 =, 0)
13  print("n(3, 2) =", n(3, 2))
14  print("n(3, 3) =", n(3, 3))
15  print("n(3, 4) =", n(3, 4))
16 print("n(3, 5) =", n(3, 5))
17 print("n(3, 6) =", n(3, 6))
18 print("n(3, 7) =", n(3, 7))
19 print("n(3, 8) =", n(3, 8))
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Why Deep Learning!?

Hand engineered features are time consuming, brittle, and not scalable in practice

Can we learn the underlying features directly from data?
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Why Deep Learning?

Hand engineered features are time consuming, brittle, and not scalable in practice
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