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Face aging 11l

20 30 40 50 60 70 80

Input 10
Given the frontal view of a single image of a child, an ageing algorithm can generate his faces with varied ages

o STTDEAE RN SR A TR FHn DEEE SR & 2 Bk
- BRI FImZE b= R
» Ali Elmahmudi, H. UgaillC K 2202050 RKE

Ali Elmahmudi, H. Ugail,
A framework for facial age progression and regression using exemplar face templates, 2020. 2 3
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@ sky biometry DEBIRHETENR—=
https://skybiometry.com/demo/face-detect/

@ BAESRIEIR. fERZHEER
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https://skybiometry.com/demo/face-detect/

CRARm )7

V=R — REETRRZMBLUXD

https.//colab.research.google.com/drive/18bN3_pLh
AnGAJnvQOIljZoUU|VhVgl MLe?usp=sharing

d Ipip install mediapipe opencv-pythan-headiess

imort cv2

isport mediapipe as mp

import numpy a5 np

Fron typing isport Tuple

fron google. colab import Files

Fron google. colab. patches import cv2_inshon

class FaceDetector:
def _init_(self, min detection confidence: float = 0.5):
self.m_face detection = m. solutions. face detection
self.m_drawing = mp. Soluti ons. draning utils
self. face detectian = self. . face detect in. FaceDetection(
min_detect ion_confidence=nin_detect ion_confidence

def detect faces(self, inage: np.ndarray) > Iunt:lnn ndarray, listl:
image_rab = ¢v2. cviColor (inage, cv2. (OLOR BGRORGH)
results = self. face_detection nm:ess(wgc,mb)

amotated_inage = inage. copy()
face_locations = []

IF results. detections
for detection in results.detections:
bosC = detection. Location_data. relative_bounding box

ige. shape
int(bboxC. xmin * iw), int(bboxC.ymin = ih)
" 0L UoRC with 193, 7t DO Peiaht * i)

face_Locations. apend((x, ¥, w, h))

iz rectangle(
amotated.inage,
(x. v,
otw oy +h),

m 25, 0),

score = detection. score[0)
2. putText(
annotated_inage,
F Score: {score:. 26",
o, y-40), 1§ HEE IR
(Cv2. FONT_ HERSHEY_STHPLEX,
T4 Y A BT

2.0,
©, 25, 0),
4 # BOASERE
|
for k:ywmi m  detection quaﬂun data. relative_keypoints:
(keypoint. x *

oy |nl(keym|nl vx mr
2. circle(
amnotated inage,
tkn ),

(zss‘ 0, 0,
H
bl
return amnotated inase, face locations
def process_image():
try:

print CERZ P (VE7 y TO—FLT<EEW)
uploaded = files. upload )

for filename in uloaded. keys():
print (FAUEROER: (filenane}”)

file_bytes = mp.asarray(bytearray(uploadedLfilenanel), dtype=np. uint8)
image = cv2. indecode(fi le bytes, cv2. IREAD COLOR)
if inage is Nane:

print(F T5—: EROBHRBHIKHLE U - {filenane)”)

continue:

detector = FaceDetectar (min_detection confidence=0.7)
result_inage, faces = detector.detect faces(inoge)

print (PR BB {len(Faces))™)
ov2_imshow(result_inage)

excest Exception as e:
print(P IS—HRELELE: {strie)l”)

it _name_ main
process_inage()


https://colab.research.google.com/drive/18bN3_pLhAnGAJnvQljZoUUjVhVqI_MLe?usp=sharing
https://colab.research.google.com/drive/18bN3_pLhAnGAJnvQljZoUUjVhVqI_MLe?usp=sharing
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https://skybiometry.com/demo/face-detect/
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https://skybiometry.com/demo/face-detect/
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https://colab.research.google.com/drive/1sLpYmmLS209-
e5eHgcuqdryFRRO6ZhFS?usp=sharing
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https://colab.research.google.com/drive/1sLpYmmLS209-e5eHgcuqdryFRRO6ZhFS?usp=sharing
https://colab.research.google.com/drive/1sLpYmmLS209-e5eHgcuqdryFRRO6ZhFS?usp=sharing
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Found 100 objects.
Inference time: 37.17011475563049
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* Yi Sun, Xiaogang Wang, Xiaoou Tang(C X3
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Deep CNN F1

Figure 3: The structure of deep convolutional network F1.

BAHAANAZ1—T Iy NT—7
% 2

Figure 1: Examples of facial point detection. First row: ini-
Yi Sun, Xiaogang Wang, Xiaoou Tang
Deep Convolutional Network Cascade for Facial Point Detection, 2013 4 1
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@ sky biometry BB E/X—=

https://skybiometry.com/demo/face-recognition-
demo/

@ BAESIEIR. SRz HEER

SELECT AN IMAGE AND OUR ALGORITHM WILL SEARCH FOR HER
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https://skybiometry.com/demo/face-recognition-demo/
https://skybiometry.com/demo/face-recognition-demo/
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@ sky biometry @ face grouping = EX—=
https://skybiometry.com/demo/face-grouping/

@ ABMNS 1D, A5 1 DERZER. ERZHD
To get started with face grouping select photos from left and right
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InsightFace [Z & B LIEFE R

[B&E 5]

https://www.kkaneko.jp/ai/win/insightface.html
https://colab.research.google.com/drive/1S55yEFiQpdIRdjWbdHO0zzEY D5VAfkIHd?usp=sharing
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https://colab.research.google.com/drive/1t8YlRamyYij40wND--k1NHTDR5fMXvHq?usp=sharing
https://colab.research.google.com/drive/1t8YlRamyYij40wND--k1NHTDR5fMXvHq?usp=sharing
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