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ADE20K T — Xt v b ® URL:
http://groups.csail.mit.edu/vision/datasets/ ADE20K/

3k Bolei Zhou, Hang Zhao, Xavier Puig, Sanja Fidler, Adela Barriuso,
Antonio Torralba,

Scene Parsing Through ADE20K Dataset,

CVPR 2017, also CoRR, abs/1608.05442, 2017.
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CityScapes 7 — Xt v k ® URL:
https://www.cityscapes-dataset.com/

3 fk: Marius Cordts, Mohamed Omran, Sebastian Ramos, Timo Rehfeld,
Markus Enzweiler, Rodrigo Benenson, Uwe Frank¥

e, Stefan Roth, Bernt Schiele,

The Cityscapes Dataset for Semantic Urban Scene Understanding,

CVPR 2016, also CoRR, abs/1604.01685, 2016.
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3CFR: Tsung-Yi Lin, Michael Maire, Serge Belongie, Lubomir Bourdev, Ross
Girshick, James Hays, Pietro Perona, Deva Ramanan, C. Lawrence Zitnick,
Piotr Dollr,

Microsoft COCO: Common Objects in Context,

CoRR, abs/1405.0312, 2014.
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