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Face aging
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Given the frontal view of a single image of a child, an ageing algorithm can generate his faces with varied ages
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Ali Elmahmudi, H. Ugail,
A framework for facial age progression and regression using exemplar face templates, 2020. 2 1
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Figure 3: The structure of deep convolutional network F1.
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Figure 1: Examples of facial point detection. First row: ini-
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