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Q-

DATA

Which dataset
do you want to
use?

iy

Ratio of training
to test

data: 50%
—

Noise: 0

Batch size: 10
—e

REGENERATE

Epoch

FEATURES

Which
properties do
you want to
feed in?

X1

X1X2

Learning rate Activation Regularization Regularization rate Problem type
0007000 0.03 % Tanh 2 None 2t 0 Y Classificatio
+ — 2 HIDDEN LAYERS OUTPUT
Test loss 0.493
+ - o) = Training loss 0.514
4 neurons 2 neurons
-0
The outputs are
mixed with varying
weights, shown by
the thickness of
the lines.
\ This is the output
from one neuron. |
Hover to see it 0

sin(X1)

sin(X2)

larger.

Colors shows
data, neuronand ' |
weight values. '

https://playground.tensorflow.org
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SurfelGAN: Synthesizing Realistic Sensor Data for Autonomous Driving
Zhenpei Yang, Yuning Chai, Dragomir Anguelov, Yin Zhou, Pei Sun, Dumitru Erhan, Sean Rafferty,

Henrik Kretzschmar
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EnlightenGAN: Deep Light Enhancement without Paired Supervision
Yifan Jiang, Xinyu Gong, Ding Liu, Yu Cheng, Chen Fang, Xiaohui Shen, Jianchao Yang,
Pan Zhou, Zhangyang Wang
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Large Scale GAN Training for High Fidelity Natural Image Synthesis
Andrew Brock, Jeff Donahue, Karen Simonyan, https://arxiv.org/abs/1809.11096v2
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Generative Adversarial Networks, lan J. Goodfellow, Jean Pouget-Abadie, Mehdi Mirza, Bing Xu,
David Warde-Farley, Sherjil Ozair, Aaron Courville, Yoshua Bengio, https://arxiv.org/abs/1406.2661
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https://magenta.tensorflow.org/sketch-rnn-demo
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DD [Vvariational Auto-Encoder| *iFE9

@ [Variational AutoEncoder
DemOJ %0 IJ \\J 0 Variational Auto-Encoder

The model can also mimic your drawings and produce similar doodles. In the Variational Autoencoder
Demo, you are to draw a complete drawing of a specified object. After you draw a complete sketch
inside the area on the left, hit the auto-encode button and the model will start drawing similar sketches
inside the smaller boxes on the right. Rather than drawing a perfect duplicate copy of your drawing, the
model will try to mimic your drawing instead.
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