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sepal_length sepal width petal |length petal width species

0.2 setosa

49 3 1.4 0.2 setosa
3.2 1.3 0.2 setosa

4.6 3.1 1.5 0.2 setosa
3.6 1.4 0.2 setosa

0.4 =etosa

4.6 3.4 1.4 0.3 setosa
0.2 setosa

0.2 setosa

)

[[2.1 3.2 1.4 0.2]
[4.% 3. 1.4 0.2]
[4.7 3.2 1.3 0.2]
[4.6 3.1 1.5 0.2]
[2. 3.6 1.4 0.2]
[2.4 3.9 1.7 0.4]
[4.6 3.4 1.4 0.3]
[2. 3.4 1.5 0.2]
[4.4 2.5 1.4 0.2]
[4.% 3.1 1.5 0.1]
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http://163.145.137.167:8442/

X 1 ‘ 163.145.137.167{8442
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NEND.

C @

[ Terminal: SSH] =2 v/

() 163.145.137.167:8442

Terminal: SSH



@ BEINZEND.
[ Host/IP or ssh:// URL [localhost]; ] (CXF UL Cl&
Enter +—

Palebase Zab.

= G @ (i) 163.145.137.167:8442

[Press Shift-F1 for help]

Host/IP or ssh:// URL [localhostl: |}

® [Port[22]:] (XU Tl Enter F—
& C @ () 163.145.137.167:8442

[Press Shift-F1 for help]

Host/IP or ssh:-// URL [localhost]:

Port [22]: |}

15



® [User:] (CXULTIE
aiEnterd¥— (IT1 771 Enter+—) e s

« c @ (i) 163.145.137.167:8442

[Press Shift-F1 for help]

Host/IP or ssh:-// URL [localhost]:

Port [22]-
User: ailj

@ RI&
ai1234!11!  EnterF¥— (L 7 12341111)
X HEHEICIEFRRSNGL

<« ¢ o (i) 163.145.137.167:8442

[Press Shift-F1 for help]

Host/IP or ssh:f/ URL [localhost]:
Port [22]:

User: ai

Connecting to ssh://fai@localhost:-22

16

ai@localhost's password: ]



B2 1DD D CTHEER

<« c o (@ 163.145.137.167:8442

[Press Shift-F1 for help]

)
Host/IP or ssh:// URL [localhost]: mée D(g:zo

Port [22]:
User: ai
Connecting to ssh://ai@localhost-22

ai@localhost's password:
Welcome to Ubuntu 18 _64_2 LTS (GNU/Linux 4_15_8-52-generic x86_64)

Documentation:
Management:
Support:
* Ubuntu's Kubernetes 1.14 distributions can bypass Docker and use ¢
ontainerd
directly, see h 1v/ub a or try it now with
snap install microk8s --classic
* Canonical Livepatch is available for installation.
- Reduce system reboots and improve kernel security. Activate at:
h u 1

ECR SOV 7w 7 — HalgET
2 HoFvIF— MIEFa1r VT e EDR

, Last login: Thu Jun 27 16:16:48 2619 from 127 . 8.6.1
- aigwiw:-~5 ]

@RI
python3 Enter¥F—

ai@www:~5 python3j

X NE QBETESDOTHURWS E 17
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@ l1-1] OETAD1DHDTOTSLE, A
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Helcome to Ubuntu 1° E4- LTS {CHU/Linux 4_15_8-52-generic x86_64)
* Documentation:

Management:
Support:

S11EEE

11-1. Python QEH(7L ) LEIGET—HEY
Ei§T—4t Y  MNIST Z£H337055 A

Ubuntu's Kubernetes 1_14 distributions can bypass Docker and use ¢
ontainerd
directly, see https-//bit Tv/ubunt ontainerd or try it now with

snap install microk8s --classic

24 X_train: H-7 X 28 x 28 o 600008DiEzEHR
* Canonical Livepatch is available for installation.

Z# v_train: 60000 DEAEETNENG,BESZ(0 H'5 9 HENDY) = Ijeduce wsten reboots and 1|r||:-ru\.rv kernel security. Activate at:

ZE X_test: H7X 28 x 28 O 100004iEHiE

0 EHD/ Ny r—h Py J— g TE,
Z54 y_test: 10000ROEXERTNTND,BEISE(0 H'5 9 OENNY) 2 1EI:DJ wIiIr—bkEtFarzs P I—FTH,

Last login: Thu Jun 27 16:16-48 2019 from 127.8.6.1

al@www:~5 python3

Python 3.6.8 (default, Jan 14 20819, 11:82:34)

[GCC 8.8.1 261808414 (experimental) [trunk revision 259383711 on Llinux
Type "help”, "copyright”, "credits” or "license” for more information

from keras.datasets import mnist

(¥_train, y_train), (¥_test, y_test) = mnist.load data()

=== from keras_datasets import mnist
Using TensorFlow backend.
=>= (¥_train, y_train), (¥X_test, y_test) = mnist.load_data()

dE—URVWEHERZEYDIXT QDOHEEICEDFITS.
B, sR D 1F728D & Enter F—
NORADBRIUYIAZ1—
< [dAE—] HMEF| VUZGDEUU“JUXZJ—
< [BEDF0F] HMEF]
20
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EH{RT—4tY b MNISTZ#{EITI3T7095 A

==> from keras_datasets import mnist
Using TensorFlow backend.

=== (X_train, yv_train), (¥_test, y_test) = mnist.load_data()

rEE I
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=== print{ X_train.shape )
(60006, 28, 28)
=== print{ X_train.ndim )

e
-

= I

(60000, 28, 28),
3
DK D [CRRSNDDTHER

22



® M11-1] ODECARD3IDHDOTOTS L%,
dE—, BEDOfIT

%ajﬁ ade OZQ:ZO

—1—3SI3Y NO—D&ESEDHIC, T—HFD
el E7a R

-= import tensorflow as tf
== import keras
== X_train = X_train.reshape(680608, 734)
== K_test = X_test_reshape(168686, 784)
== K_train = X_train.astype('float32')
== K_test = ¥_test_astype('float3z2")
== K_train /= 255
-= X_test /= 255

print{ X_train_shape )
hﬂﬂﬂﬂ 7843
prlnt{ X_train_.ndim )

== I

(60000, 784),
2
ODA: ) (L_iel_.ﬁ é“% O)tﬁﬁn:u

=
e
e
=3
e
=
=3
=3
=
{
=32
2
=
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=== imAport tensorflow as tf

=== import keras

=== from keras_models import Sequential

==> M = Sequential()

=== from keras.layvers import Dense, Activation, Dropout

>=> 1lmport keras_optimizers

=»»> M.add{Dense{units=64, activation="relu', input_dim=784))

»>> M_add{Dropout{rate=6_8))

=== M.add(Dense{units=18, activation='softmax'))

»=>> M._complle({loss=keras_losses_categorical_crossentropy,

. optimizer=keras_optimizers _SCD{lr=0_.081, momentum=08_.9, n
esterov=True))

=

QB2 —3J I~y D —D7Z2ERk
24
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»=> print(m.summary())

Layer (type) Output Shape
dense_11 (Dense)

dropout_3 {(Dropout)

dense_12 (Dense)

Total params: 58,800
Trainable params: 58,896
Non-trainable params: @

None

R I
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606066 /66000 1s 22us/fstep -
Epoch 46/58
6060606 /6060608 1s 22us/fstep -
Epoch 47/58
60066 /600688 1s 22us/step -
Epoch 48/58
60066 /606008 1s 22us/fstep -
Epoch 49/58
606066 /60000 1s 22us/fstep -
Epoch 58/58

606080 /60000 [ ] - 1s 23us/step -
=zkeras._callbacks _History object at 8x7ffaalsd8efe-

==

FEAIICEUES FEEHIMIHD.
(Kkyﬂlb\—ﬁlg’_5d)_C RNBDFTFHFO>TCL Eéb\)%
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=== m_predict{ X_test[©:1] )

array({[[ 3.63615728e-22, 6_20049778e-16, -22785318e-67,
3.238934441e-67, 2_5930860540e-18, -37383931e-18,

3.32893684e-25, 0_00000285e-81, _83745762e-17,

1

-31196898e-12]], dtvpe=float32)

= I

1 O fElDERF.
%n%\\nl O, 1) 2) 3) 4) 5) 6) 7) 8) 9 T\\ﬁé &%ﬁgénéﬁﬁg—(
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Montezuma's Revenge C, ABID¥ I LFKD )
DA77zt Uz (2018512RH) Pt Ak

https://openai.com/blog/reinforcement-learning-
with-prediction-based-rewards/

Reinforcement Learning with Prediction-Based Rewards

Progress in Montezuma's Revenge

Our agent trained with RND shows a wide range of capabilities:

2014 2015 2016 2017

581t & T D Montezuma's Revenge
A AT DERE
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https://www.cc.gatech.edu/~aclegg3/projects/LearningT
oDress.html

Learning To Dress: Synthesizing Human Dressing Motion via Deep... @ #

Alexander Clegg, Wenhao Yu, Jie Tan, C. Karen Liu, Greg Turk
SIGGR, Asia 201 reprii

PH Asia 2018 [ Preprint
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httos://github.com/onenai/baselines

You don’t have any veri

ithubcom,

Pull requests Issues Marketplace Explore

d emails. We recommend verifying at least one email.

Email verification helps our support team verify ownership if you lose account access and allows you to receive all the notifications you ask for

cyfra and pzhokhow U

il baselines
im data
i docs/viz

benchmark_pattern

E) .gitignore
travis.ym|
=) Dockerfile

LICENSE

README.md
E] benchmarks_atari10M.htm

benchmarks_mujocolM.htm

[E) setup.cfg

setup.py

ing the version to 0.1.6 (

add log_path flag to command line utility

HER : ne

ctionality, enables demo based training (#474)
Update viz.ipynb

refactor a2c, acer, acktr, ppo2, deepq, and trpo_mpi (#

refactor a2c, acer, acktr, ppo2, deepq, and trpo_mpi (#490)

release Internal changes (#895)

Add video recorder
Initial commit
add log_path flag to command line utility (#317)

fix commit on atari bms page to point to a public commit

Publish benchmark result

openai / baselines Busedby~ 120 © watch~ 493 wrstar 7,931 Yrork 2,529
<> Code Issues 274 Pull requests 47 Projects 0 Wiki Security Insights
OpenAl Baselines: high-quality implementations of reinforcement learning algorithms
P 330 commiits i 32 branches © 0 releases A2 104 contributors o MIT
Branch: master»  New pull request Create newfile  Upload files  Find File [ELERTEEITIEEE]

Latest commiit 2bca79e 3 days age

20 days agc
8 months agc
8 months agc

11 months

11 months agc

onths age

8 months agc

2 years agc

3 months age
11 months agc

agc

s age


https://github.com/openai/baselines
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FxiE LDl

« RO EBR/NNIIRDBELDIC, x DIEZTESDIRZLN. 1o
{HU, N=5&9 3.

N
fx) = 100(zip1 —a?)” + (1 - z;)”.
i=2
N=57RDT, x(&, B1X5D 1LRTESITHD

* https://docs.scipy.org/doc/scipy/reference/tutorial/opt
imize.html
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>>> 1mport numpy as np
>>> from scipy.optimize import minimize
>>> def rosen(x):
"nuThe Rosenbrock function=®"®
return sum(100.0% (x[1:]-x[:-1]**2.0)**2. 0 + (1-x[:-1])**2,

>»> %0 = np.array([1.3, 8.7, 6.8, 1.9, 1.2])
»»> [@5 = mlﬂlmlLEtrUHEﬂ, xD, method= nelder—mead',

options={'xtol': le-8, *disp': True})
Dptlmlhatlcn terminated : ucceaafully.
Current function value: 9.060808
Iterations: 339
Function evaluations: 571
~>> print(res.x)
[ 1. 1. 1. 1. 1.]

x=[11111]DEE (IXNTHEHN 1D EFE)
BE ChDEKRFEDE.
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from tpot import TPOTClassifier
from sklearn.datasets import load iris
from sklearn.model selection import train test_split

# Load iris dataset
iris = load iris()

$# Split the data
X train, X _test, y_train, y_test = train test_split(iris.data, iris.target,
train size=0.75, test_size=0.25)
# Fit the TPOT classifier
tpot = TPOTClassifier (verbosity=2, max_time mins=2)
tpot.fit (X train, y train)

# Export the pipeline
tpot.export ('tpot_iris pipeline.py')

MwEE 7077 L%
T A0 T7TAT T A

NEMD

@a‘;%w&e OZQ:ZO

import numpy

proximation import RBFSampler
0 ection import train_test_: plit
.pipeline import

rget' 1n the data file
OLUMN_SEPARATOR', dtype=np.floats4)

, training_target,

i testing_target = \
lit(features, tpot_data['target'].values,

random_state=Nc
# Average CV score on the training set w: ).99130434782

exported_pipeline <e_pipelinel

min_samples_leaf=3, min_sample

DecisionTreeCl slflerEcrltermn:"entrupy", max_depth=10,

)

training_target)

sxpurtsd pipeline.fit(training_features,
result exported_pipeline.predict(testing_features)

ERE N7z
wWWEE 7 AT 7 L

https://pypi.org/project/TPOT/
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dowitcher red-backed_sandpiper
F
‘ \-L,
meerkat mongoose
[, | ‘ R |
-0.006 -0.004 —-0.002 0.000 0.002 0.004 0.006

SHAP value

https://github.com/slundberg/shap#sample-notebooks
https://pypi.org/project/shap/ 48
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10 JaMES M$$ax%%well 875 taco Daliase Lok
11 lsaac Newton 992 pasta
12 Emmy%%  Noether$ 234 pasta
13 Max!ll Planck!!! 111 hamburguer
14 Fred Hoy&&&le 553 pizzza
—
10  james maxwell 875 taco
11 isaac newton 992 pasta
12 emmy noether 234 pasta
13 max planck 111 hamburguer
14 fred hoyle 553 pizza

* https://pypi.org/project/optimuspyspark/ 49
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