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EnlightenGAN: Deep Light Enhancement without Paired Supervision
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Pan Zhou, Zhangyang Wang

47



ol Yk VAV
HaJge(C

Large Scale GAN Training for High Fidelity Natural Image Synthesis
Andrew Brock, Jeff Donahue, Karen Simonyan, https://arxiv.org/abs/1809.11096v2



https://arxiv.org/search/cs?searchtype=author&query=Brock,+A
https://arxiv.org/search/cs?searchtype=author&query=Donahue,+J
https://arxiv.org/search/cs?searchtype=author&query=Simonyan,+K

GAN DH#EF .

F o =T S——3 D [CLBF—IDERENE TS
AT ED ~

Bk - FRSN ”

£ B AR -7 —%& AIﬁI}ﬁEL: ﬁ»j%ﬁ’
5 — A DER N SN 0l 7xAY
EIED =3
‘ . T — X
ERENET—RE 7
%Ed)v“‘—;ﬁ“éﬁﬁﬂu XD I T AL
TERCEB LS OB EOH\ZE %5

Generative Adversarial Networks, lan J. Goodfellow, Jean Pouget-Abadie, Mehdi Mirza, Bing Xu,
David Warde-Farley, Sherjil Ozair, Aaron Courville, Yoshua Bengio, https://arxiv.org/abs/1406.2661

49



GAN (Generative Adversarial Network) ODﬁ:ﬁ'fH%K,

1. 2D Al ZE>TEFEBZITS.
ATHIBEIC K DAERK (HERLER)
ATHIgEIC K DakRI (GREBRIEE)
2. HERkER
F—A LR, BN RO CTHEITDILDSRT—F
78:552@“5&:3(:—?2@“50
. iRplax

Eﬁﬁ%ﬁb‘iﬁﬁ btr—@b‘*%b‘%%b"&#‘]mo 7))
ﬁa_g’?h_b< ST —F%Zi5D Ciapll I DELDICF

FRkes(FEREs EamplesDFEER TR HI(CHEDIRT & T,
ERZEDARMISENT—FEZERTETDRILIICRD.

50



AEDOTEEZ, ATHENEEID K.

Palebuse Lok

ANTHIEENY, TTDIBEHRZRODICEFFABDA S A NZEET
5 AutoDraw

FE B EE Ol =2 ¢

TN

) B —
Foa NN owees e B A

ANEIDA 7 X b2z <

OV a2 — XD EBEHT ST

https://www.autodraw.com/

51



Palebuse Lok

O IO T TSI TRD URL =<

https://www.autodraw.com/

@ [Start Drawing] 22 Uw 2 * */
*

AutoDraw

Fast drawing for everyone.

52



@ HWElZWLWBEDZE DL DHEL

https://www.autodraw.com/

@ LEDAZ 3 —(CIREHIEDDTOUY D




ATAIRET, R Y FHEEDPTHA N .

Palebuse Lok

https://magenta.tensorflow.org/sketch-rnn-demo
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DemOJ % g I_J \\J g Variational Auto-Encoder

The model can also mimic your drawings and produce similar doodles. In the Variational Autoencoder
Demo, you are to draw a complete drawing of a specified object. After you draw a complete sketch
inside the area on the left, hit the auto-encode button and the model will start drawing similar sketches
inside the smaller boxes on the right. Rather than drawing a perfect duplicate copy of your drawing, the
model will try to mimic your drawing instead.
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