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X <- rnorm(100000, mean=5, sd=5) o ‘
y <- rnorm(100000, mean=5, sd=5) \\55}27—9@55&2
n <- floor( runif(100, 1, 100000+1) )

d8 <- data.frame( xx=x[n], yy=y[n])

d8%yy <- d8%yy - (d8%xx + d8%yy) * 0.6 N
library(ggplot2) BB E B ES

ggplot(d8, aes(x=xx)) +
geom_point( aes(y=vyy), size=3 ) + theme_bw()
a <- prcomp(d8)

print(a$rotation) } o
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d9 <- data.frame( xx=x[n], yy=y[n])
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library(ggplot2) ST —5lc }
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geom_point( aes(y=vyy), size=3 ) + theme_bw()
a <- prcomp(d9)

print(a$rotation) }
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X <- rnorm(100000, mean=5, sd=5)

y <- rnorm(100000, mean=5, sd=5)

n <- floor( runif(100, 1, 100000+1) )

d9 <- data.frame( xx=x[n], yy=y[n])

d9%yy <- d9%yy + (d9$xx - d9%yy) * 0.8

d10 <- data.frame( xx=rnorm(10, mean=-20, sd=1),
yy=rnorm(10, mean=5,sd =1))

d11 <- rbind( d9, d10)

library(ggplot2)

ggplot(d1l, aes(x=xx)) +
geom_point( aes(y=yy), size=3) + theme_bw()
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= print{a%rotation)

PCl PC2
xx -0.9681328 -0.2504373
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X <- rnorm(100000, mean=5, sd=5)

y <- rnorm(100000, mean=5, sd=5)

n <- floor( runif(100, 1, 100000+1) )

d9 <- data.frame( xx=x[n], yy=y[n])

d9$yy <- d9$yy + (d9$xx - d9$Byy) * 0.8

d10 <- data.frame( xx=rnorm(10, mean=-20, sd=1),
yy=rnorm(10, mean=5,sd =1))

d11 <- rbind( d9, d10)

library(ggplot2)

ggplot(d1l, aes(x=xx)) +
geom_point( aes(y=yy), size=3) + theme_bw()

a <- prcomp(d1l)

print(a$rotation)
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> a <- prcomp{d9)
> print(a%$rotation)
PC1l PC2

xx -0.7937832 -0.6082008
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> a2 <- PCAgr1d(d9)
> print(aZ%loadings)

Loadings:

Comp.l Comp.2
xx 0.725 -0.688
yy 0.688 0.725
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> print{a%rotation)

PC1 PC2
xx -0.9776248 -0.2103561
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Comp.l Comp.Z2
xx 0.805 -0.594
yy 0.594 0.805
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. xx 0.849 -0.529

» b w vy 0.529 0.849
X <- rnorm(100000, mean=5, sd=5)
y <- rnorm(100000, mean=5, sd=5)
n <- floor( runif(100, 1, 100000+1) )
d9 <- data.frame( xx=x[n], yy=y[n])
d9yy <- d9%yy + (d9$xx - d9Byy) * 0.8
d10 <- data.frame( xx=rnorm(10, mean=-20, sd=1),
yy=rnorm(10, mean=5,sd =1)) .

d11 <- rbind( d9, d10) FHUBEDEA
library(ggplot2)

ggplot(d1l, aes(x=xx)) +
geom_point( aes(y=yy), size=3) + theme_bw()
library(pcaPP)
a2 <- PCAgrid(d11)
print(a2$loadings)
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