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https://trinket.io/python/61c6503fcada

= P »r

{ > mainpy + 1
1 # RelU (Rectified Linear Unit) RHEIMELS > @{E@EED JOF 3 4L
2 # ANExrerimDing3eEEL. el EFDRSIIETOTIEL &
3 # -2 h2ETOEALANETRLWANFITILL., TOTRER%
4 #TH2FT. RS L TORLWDEFNIETFRL T ET,
5
6~ def relu(x):

il if = < @:

8 return @

S else:

18 return x

11

12 = = -2

13  print{"x = ¥, "relu(x) =", relu(x))
14 = = -1

15 print{"x = ¥, "relu(x) =", relu(x))
16 x =8

17  print{"x = ®x, "relu(x) =", relu(x))
18 x =1

19 print{"x = ¥, "relu(x) =", relu(x))
28 x =2

21 print{"x = x, "relu(x) =", relu(x))|

T
El
FeoT

e e

b

=]

PDUEPEd by

o W A T
- - -

"%

X
¥ =
"y =
X

- - - -
fa L L Lol fa

Result

Dtrinket
-2, "relu(x) =", @)

-1, "relu(x) =", @)
8, 'relu(x) ="', @)
1, "relu(x) =", 1)
2, 'relu(x) =", 2)
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https://trinket.io/python/1c339b660ee1

1 2

N

A7

> > - 2

main.py

#1002 —OUnEF L LI -5 Fw PO —2TF. 2D
# MAN(, «ICHL T, EAFEESLEL VA7 AT -8.5IBES
#NTLWET. Za— O (TrelfE = F LR & L THEAL, 42O
# BRn AN A - oIld s ENERHEL THEAL Y.

def relu(x):
if x < @:
return @
else:
return x

def n(xl, x2):
#EaF 1, 1L NIATAE -e.s

s=1%x1+1%*x2- 8.5

return relu(s}
print("A AT (e, @), FIEE =", n(e, @)
print("A AT (e, 1), FMHE =", n(e, 1))
print("A AL (1, @), FBIEE =", n(1, @)
print("A AL (1, 1), BHEE =", n(1, 1))

+1 G
Powered by  Ptrinket

(AR
(AR
(AN
(AR

Result

Palebuse Lok

(e, @), i&ME =", @)

(e, 1), i&HE =", 0.5)
(1, @), ;&%E =", 8.5)
(1, 1), i&ME =", 1.5)

{JUJb‘ 10 DEE)
1 0DEETTHD1
NATR-05%INE

__ BHEOD
2% BHTHE
X1 1

A7
11

2 0 1

—_a—Hd 4

Hz1
L0755

=2 0.5

Hi 7
2

RelU % 1 FF
IE§t§E§{‘D-5

-2 RelLU
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https://trinket.io/python/3cbc3f3ed057
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18
11~
12
13
14~
15
16
17
18-
19
2@
21
22~
23
24
25
26~
27
28
29
]
31
32

» > - 2

main.py

#3200 Za2— 0w (nl nz, n3)EillAadheitE8lT—_1—-5
gy D87, Foa—OVEEAESATAIERS, AR
# (B (xl, x2)|H L TReLUBABF AL TEMHEFHEL 9.

# BHEEY Z a2 — O unld, nibn2Dhd A% ANEL TRITEY,
# n3WiE L TRMAVEHERHELEY. JO0Y5 L3400 E
# HDANAE-LIHT L EMEERTLET.

def relu{x):
if % < e:
return 8
else:
return x

def nl{x1, x2):

s EaL L L AT e
s=1*x1+1*x2+8
return relu(s)

def n2(x1, =x2):

s EAEL L, L AT -1
s5=1%x1+1%x2-1
return relu(s)

def n3(xl, x2):

# T -1, 2, M7 1
s5=-1%*x1+2*x2+1
return relu(s)

def nixl, x2):
return n3{nlxl, x2), n2(xl, x2))

print("A AT (8, 8), FEE =", n(s, 8))
print("A A3 (e, 1), EEE =", n(e, 1))
print("AAIZ (1, @), FEE =", n(1, 8))
print("AAIE (1, 1), FHEE =", n(1, 1))

Palebuse Lok

Result

Powered by Ptrinket

(- AHIz
(- AHIz
(- ADIz
(- ADIz

(0, @), EHE
(0, 1), EFHE
(1, @), FHE

(1, 1), EHEE =

40




BB © Fashion MNIST BB — RFEE 4.

. EHETOYS AOBR S SEREREI— RY
u}baj‘Hy5

- T—HRNE, EFIVIEE, FB, EENHE (9

MifmRDFHl) O—EDIRN

https://www.tensorflow.org/tutorials/keras/classificati

on ZH&E

- FEDBRDIRULC & (THEKHEA UIERREN LR
I DERTF = HERR

- O >AE. J—Rh#E (128, 10,
epochs &F) DEKRZERTE D

41


https://www.tensorflow.org/tutorials/keras/classification
https://www.tensorflow.org/tutorials/keras/classification

FEEIEDER

A CART — X2 YBRLAWTEEZIT ),

AT — R
- FEICAWAT—XTH 5B,
% U I L [B]24
FE Y IRITEZTHS (f):s5AE)
B (loss) & IEfEZE (accuracy)

-FEOBYVIRL ZEICERAED L. FRICE

BENLFRT D,

To

T T 7T 71T 7
01234561789

Ankle boot 98% (Ankle boot)

5.

Palebuse Lok

187571875 [sSs==sssssssssseacceesaosoniess] - ASON8/Bt6p loss: ©.3157 - accuracy: 0.8838
Epoch 5/18

1875/1875 [==============================] - 4s 2ms/step - loss: 8.2996 - accuracy: 0.8889
Epoch 6/18

1875/1875 [=======a======z=z=a==z==as========] - 4s 2ms/step loss: ©0.2831 - accuracy: 0.8948
Epoch 7/10

1875/1875 [=====z===nszazzssuz=azszzzz==as ] - 4s 2ms/step - loss: 0.2700 - accurac y: 0.8989
Epoch 8/18

e R e e e e e P A ] - 4s 2ms/step loss: 0.2583 - accurac y: 0.9038
Epoch 9/10

875 /0870 e e S s ] - 4s 2ms/step loss: ©.2489 - accuracy: 8.90879
Epoch 18/18

1875/1875 [=================z===sz=======] - 4s 2ms/step loss: 0.2487 - accuracy: 0.9096
<kera allbacks.History at 8x7f659e338ee@>

10fEFED ENITHFEEI NI

T T 7Tk
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